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1. IN THE BIAS FACTORY

Photo by Jonathan Borba on Unsplash
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TABLE I :  FACIAL RECO GNITIO N

FACE NOT FOUND

ROOM TOO DARK

So ur c e :  h t t p s : / / r a c isma n d t ec h n o lo g y .c en t er / So ur c e :  Sh a l in i  K a n t a yya ,  Co d ed  Bia s  (Net f l ix ,  2020)  

Source: Doris Allhutter et al, 'Algorithmic Profiling of Job Seekers in Austria: 
How Austerity Politics Are Made Effective' (2020) Frontiers in Big Data

TABLE I I :  R ISK PREDICTION

Variables included in the statist ical  
model
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With Lighthouse Reports & La Quadrature du 
Net The algorithm also uses age, marital status, income and disability benefits 

as risk indicators.

TABLE I I :  R ISK  PR ED ICTION

TABLE I I I :  PRO FILING AND TARGETING

Source: AlgorithmWatch
& Nicolas Kayser-Bril, 'Automated discrimination: Facebook uses gross stereotypes to 

optimize ad delivery' (2020) AlgorithmWatch available at 
https://algorithmwatch.org/en/automated-discrimination-facebook-google/
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Source: Lorenz Matzat und Minna Ruckenstein, 'Kreditscoring: Urteil aus Finnland wirft Fragen zur Diskriminierung auf' (2018) AlgorithmWatch available at 
https://algorithmwatch.org/en/automated-discrimination-facebook-google/

& https://www.yvtltk.fi/en/index/opinionsanddecisions/decisions.html

The financial institution "refused 
to grant credit to A in connection 

with the latter's online purchases, 
based on elements classified as 

grounds for discrimination, such as 
sex, age, language and their 

combined effects."

National Non-Discrimination and 
Equality Tribunal of Finland, case 

2xx/2017

TABLE I I I :  PRO FILING AND TARGETING

TABLE I I I :  PRO FILING AND TARGETING

sexual 
orientation

Britney Spears 

Wu-Tang Clan

Human rights 
campaigns 

"Feeling 
disoriented when 
waking up from 
a nap" 

"Likes” on Facebook as 
predicted by the model 
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2. THE LAW AGAINST ALGORITHMIC 

DISCRIMINATION

How do AI and algorithms produce discrimination? 
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Primary law:

• Art 19 TFEU: sex, race or ethnic origin, religion or 
belief, disability, age, sexual orientation

• Art 157 TFEU: equal pay and equal treatment at 
work (men and women)

• Art 21 Charter of Fundamental Rights: non-
exhaustive list including 'sex, race, color, ethnic or 
social origin, genetic features, language, religion or 
belief, political or any other opinion, membership of 
a national minority, property, birth, disability, age or 
sexual orientation'.

• Art 23 Charter: equality between men and women

Derivative law:

• Directive 2000/43: race or ethnic origin 
(employment, goods & services, education)

• Directive 2000/78: age, disability, religion, 
sexual orientation (employment)

• Directive 2004/113: sex (goods & services)

• Directive 2006/54: gender (employment)

The legal framework: EU anti-discrimination law

THE EXAMPLE O F EURO PEAN LAW

Protected 

motif

Protected area
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• Optimization logic vs. necessity ('Pareto 

optimum')

• Translation of technical choices (fairness 

and false positive/false negative trade-

offs) into legal terms 

• Framing dynamics and capture

PRO PO RTIO NALITY CO NTRO L
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• The invisibility of algorithmic 
discrimination, "epistemic 
fragmentation" (Milano 2021) and the 
notion of 'prima facie' discrimination

• The 'trap' of online content 
personalization: how to detect 
discrimination?

• The problem of 'black box' algorithms: 
lack of transparency and intelligibility, 
opacity of proprietary algorithms

• Responsibility in human-machine 
interactions: automation bias?

PRO O F AND LIABILITY  

• Discrimination 'based on' a protected ground
VS
• Discrimination on the basis of variables correlated with 

one or more protected grounds

Photo by C
harles D
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Photo by Scott Webb on Unsplash
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PRO XY DISCRIMINATION:  CO RRELATIO NS AND INFERENCES
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https://unsplash.com/@charlesdeluvio?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/netflix?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/@scottwebb?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/home?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
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"Instead of stable, perennial and structuring variables, 
which used to fix statistical objects in categories, digital 
algorithms prefer to capture events (a click, a purchase, 

an interaction, etc.) which they record on the fly to 
compare with other events, without having to proceed 

with categorization...The web surfer is glued by the 
algorithm to its own traces without being able to 

distance itself from them." 

Dominique Cardon, À quoi rêvent les algorithmes? Nos 
vies à l'heure des big data (Seuil, 2015), 49-51

Type of discrimination  

Distinction

Parameter 1: Neutrality
Parameter 2: Agentivity

Parameter 3: Damage

Direct discrimination

Link to a protected 
ground: 'on the basis of 
one of the [protected] 
grounds'.

Treatment: 'when one 
person is treated less 
favourably than another in 
a comparable situation'.  

Individual: 'a person’
  

Indirect discrimination

Neutrality: 'when an 
apparently neutral 
provision, criterion or 
practice'.

Effect: 'is likely to result in a 
particular disadvantage'.
  

Collective: 'for people 
[from a protected 
group...] in relation to 
other people'.
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Neutrality

The presumption of agentivity: less favorable 
treatment (by an agent)

LEGAL RATIONALITY ALGORITHMIC RATIONALITY

Legal reasoning: comparison as a test

Socio-technical assembly involving the data industry, 
developers, users and end-users + their epistemologies & 

political and economic frameworks 

Correlations, inferences and big data: discrimination 
as a self-fulfilling prophecy

Dynamic differentiation and pre-emption logics

The subject of law: the individual or the protected 
group (a given, intelligible social group)

The algorithmic cluster - fluctuating, contingent, 
calculated and implemented

3. PROPOSAL
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The use of big data and machine learning could well allow the injustices of the past to 
influence the future like never before. 

...for big data and machine learning to break the link between past discrimination and 
future decisions, the algorithm must be explicitly programmed to achieve this result

D Hellmann, 'Big Data and Compounded Injustice' (2021), 16

When automated decision-making tools are not designed to explicitly combat structural 
inequalities, their increased speed and vast scale of action considerably exacerbate 

them.
V Eubanks, Automating inequality: how high-tech tools profile, police, and punish 

the poor (2018)

The law of algorithmic discrimination
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A proposal

Algorithms as injunctions 
to discriminate:

Any behaviour consisting 
in instructing anyone to 

discriminate against 
people on the basis of 
protected grounds is 

considered 
discrimination.

Neglect

Positive actions

Duty of prevention ==> 
prevention ecosystem

Predictability ==> rebuttable presumption

PROF I LEPROF I LE
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